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Abstract

This paperinvestigats the effect of socioeconomic status, trust and privacy concerns, and
socio psychological factors on building three structural measures of social capital, which are
bridging, bonding andhetwork size degre¢. Using online survey data, | find the evidence

that trust and privacy concerns, being a female, and the number of hours spent in Facebook
are significant determinants of bridging soaialpital and degred show that females and
respondents that have trustdaprivacy concerns are less likely to build bridging social
capital. In addition to this, the number of hours spent on Facebook is positively related to the
probability of engaging in bridging social capital. The results also suggest that females are
lesslikely to increase theinetwork size On the other hand, respondents that spend more
hours on Facebook and respondents that come fromirtgime class are more likely to

increase theinetwork size
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1. Introduction

There have been sevestlidies related to measuring social capital in social network sites. For
example, Brooks et al. (201#)scovers the relationship between socioeconomic status and
three types of social capital which are network size, bonding social capital and bridging social
capital. According to their results, higher socioeconomic status relates to larger and denser
netwaks but not networks with more clusters so they concluded that socioeconomic status is
not that much important to build new networks but it is certainly helpful to maintain existed
networks. In another study, Burke, Marlow and Lento (2010) conclude thinsive
Facebook usage relates to bonding social capital but has a modest relationship with bridging
social capital.In addition, they states bonding social capital decrease loneliness of active

Facebook users.

Similarly, Steinfield et al. (2008) invegte the relationship between Facebook use, measures
of psychological welbeing and bridging social capital. They found thslfesteem
moderates between Facebook use and bridging social capital. As a result of their study,
Steinfield et al. (2008) conafle that people with lower sedsteem gain more in their

Facebook usage in terms of bridging social capital.

Furthermore Valenzuela et al. (2009) discover that intensity of Facebook use is positively
associated with life satisfaction and social truse satisfaction and social trust have causal
relationship;however the direction of relatiomas notbeen clear yett is argued that gople

who belong to trusted netwotave higher life satisfaction, also it is suggested that people
with higher life satisfaction have tendency to build trusted netwankaddition,Valkenburg,

Peter and Schoten (2006) conclude that use of friend network sites may be an effective
vehicle for enhancing selésteem for young adolescents in their study. Finally, the- well
known social network scholars, Helliwell and Putnam (2004), drive a conclusion that social

capital is essential for the subjective wa#ing and psychical health.

Although there have been several studies about measuring social capital on social network
sites, there is no research done with Turkish data. Existing studies use the experiences of

American youngollegestudents on social network sitds.this study, an online &b survey



is conducted to the students of Middle East Technical University in Tufkeyrelationship
between socioeconomic status, trust and privacy concerns and, socio psychological factors
and three structural measures of social capital, which argitgidbonding and degree are
examined. In addition, an open source social network analysis tool, NodeXL, is used in order

to test the survey sample’s randomness and

graph’s credibility.

2. Literature review

2.1 Social capital

In the review of social capitdfirstly, the brief definition willbe given and secondly how the

term functions in social network sites will be discussed.

Koput (2010) defines social capital in terms gfraductive resourgeaninvestment, Inherent

in relationshipsand appropriable and explaiasthe following:

A productive resourcthat can be used to create value;

An investmentwith an element of risk the value is not assured and will accrue in the
future rather than beingimediate;

Inherent in relationshipsnot actors, meaning that it does not belong to one person, but
requires a social structure and joint participation;

Appropriable meaning that a relationship of one type (say work) may be used for

other purposes(sayiéndship) although it is not completely fungible, meaning that it
cannot be cashed in on demand for a pr
certaion activities, time, or context.

In addition, Coleman (1988) refers social capital to relation anpmmgons, whichis a
productive activityanddepemls on trustworthiness and trustom these definitions, it can be
drawn that social capital simplyargets to benefit from relationshipgalternatively
connections or ti.dmsspcialonétwork sites sooidl cpital B genevallyk s
broken down into three parts in order to be measured: bridging social capital, bonding social
capital and network size (degree). (see for example, Steinfield et al. (2008); Brooks et al.

(2011); Burke, Mrlow and Lento (2010Bridging social capital refers toenefit from weak



ties in diverse network connections. Bonding social capital refers to strong ties in
homogeneous network connectipmdich lead to emotional support. Network size (degree)
referst o t he tot al number of dewwk.necti ons (ties)

Thereare thredlifferert domains of social capitalvhich are intrapersonal, interpersonal and
behavioral. The interpersondbmain refers to trust among individuals, also cafiedial or
generalized trust inthers.Helliwell and Putnam (2004) discussed social capital in the scope
of interpersonal domain and claitinat socialtrust and reciprocity are the main factors that
construct social capital. Furthermore they suggest that peopladhthe ones whom they
think trustable have higher subjective wdling scales. When the trustworthiness is higher,
there will be high probability for the existence of social capital. (see for example Helliwell
and Putnam, 2004)

The second domain of si@al capital is behavioral. He behavioral domairtonsists of
involvement ofi n di v i ctive adrtisipatiorain civic, politicahctivities and intereset in

public affairs. This study will not cover this domain.

Thethird domain is intrapersondbmain whichis el at ed t o datisfdction.i dual s’
Val enzuel a et. al. (2009) <claims that byprod
well-being and quality of lifeand also otheraxial science scholars explore the functions of

socal and personal networks for individual or group veelk i ng” ( Mo r r.dav, 199¢
example Burke Marlow and Lento (2010) investigatéhe role of Facebook communication

(wal I post s, comment s, “1i kes?”, s tdasoams upda
capital and they found out that directed communication on Facebook is highly related with
bonding of social capital which reduces loneliness. However, directed communication has
modest relationship withridging social capitalwhich stronglyrelates with friend network

size. Burke Marlow and Lento (2010)) In order to be bridging capital on Facebook, one
should benefit from the weak ties in his/her network. Although, people have direct
communication with their close friends on Facebook, theeealso other people whom they

have weak ties but they only br -BukeeMardolwme se pe
and Lento (2010), this stalking activity does not turn in as an advantage but loneliness, also

they highlight that loneliness may «a e browsing peopl e’ s I nt

communication with them.



According to Putnam (2000), internet indirectly helps people to develop social capital and

declares his argument with the following quotation.

Computermediated communication will corgment, not replace, fade-face
communi cati on. “Communi cat i on ocialsandaemotiomat d a me n
connections ( Put nam,. 2000: 171)

Therefore, Internet provides socpalatform for existence of virtual communities based on
support group, discussiorgroups,and selhelp groupsBlanchard (2004: 71) claims that
“with the growing use and acc evllagesarelikelygof | nt e
overlap with their local Faem-Face s oc i al The @es in thesk gupsilead td .

social connectedness therefore they provide access to people who even lack access to social
capital. Apart from the ties within these virtual communities, the benefit of Internet is

guestioned whether it helps to develop social capital orFuaot.this purpose, in the study

named “Do Il nternet User s Have Mor e Soci al T

Il nternet Use”, Zhao (2006) highlight-malthat
and chat) which are positively correlatedhwsocial ties, but other solitary activities such as

web surfing are negatively associated with social ties for developing social capital.

On the other hand, Morrow (1999) is partially disagneth the accounts that refer social
capital to sociabilitysocial networks and social support, trust, reciprocity, @mmunity

and civic engagement because she suggests there should be more complete theory of social
capital, which icludes health related research in ordecdonceptualize and generalize social

capital.

2.2 Socio-economic status

Socioeconomic status is described as advantages that come from material, social and cultural
resources As social capital is the ability to benefit from relationships, those who have access
to material, social and cultural resources are expected to have higher social Befutathe

rise of social network sites, social network scholars made reseanghationship between
socioeconomic status and social capital. For example, Erickson (2001) found that people who
have higher socioeconomic status know more individuals also they know more individuals

from greater diversity of backgrounds.

2 hitp://lwww.ncrel.org/sdrs/areas/issues/studentsiedfea7Iks.htm
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Brooks et al. (201) state thasocioeconomic status has three important dimensions that are
educational achievement, occupational prestige and economic resources. Thus, it is expected
socioeconomic statues relates to advantage and disagvan t o per son’ s soci al

According to Brooks et al. (2011), higher socioeconomic status relates to larger and denser
networks,but not the networks with more clusters. For this reason, it is expected to find out
that the respondents with higher socioeconomic statuslaeges friend lists than those with

lower socioeconomic status.

Valenzuela etal. (2009) concludes that the relationship between Facebook use and social
capital was not large andaoes notv ary by coll age students’ S C
according to the findngs from t heir study’s dependent

models.

Valenzuela et. al. (2009) stresses that there is no causal relationship between use of Facebook
and increased social capital from the results of their study however they findeogitis a

strong association of Facebook use with the intrapersonal and behavioral components of
social capital.

Zhao (2006) states the way which institutionally based social ties and voluntarily based social
ties emerge di f f erusonal netivak dependson thé nurobereof familyi n s t i
members and coworkers that also depend on characterizes of institutions. On the other hand,

one’s voluntary soci al net work depends on on

2.3 Socio-psychological factors

There ae several reasorisehind the willingness of people to join social networking stes$

variety of the activities that they do in such sit&ibrahmanyanet al.(2008)conducted an

online survey to find out the reasons why young students join in social network sites and the

activities what they perform in such sites and it is concluded“titfto st ay i n t ou
friends | don’ t see of t enrusing socidl hetworknsitest Com
Mor eover, they conclude that “Read/ Respond t
profile”, “Browse friends pages/ wall s” are

networking sites.



Furthermore Gangadharbatlg2008) investigates the factors that influence college students to
join social networking sites. Gangadharbatla (2008) expects to find ou¢ffielicy, need to
belong, need for cognition and collective sedteem as psychological factors in the atétud

of college students towards social networking sites. However, Gangadharbatla (2008)
discovers that need for cognition is not relevant factor in the willingtegsin social
networking sites:“Internet seHefficacy, need to belong, and collective sslifeem all
positively affect attitudes and willingness to join SNS, which provide the first two conditions
of a mediation effett{Gangadharbatla, 2008)

Similarly Ellison et. al. (2007) discovers that there is strong relationship between social
capitalod comes and one’ s s at-estedmaltis proposedwhattself | i f e
esteem is the mediator between Facebook usage intensity and bridging social(Edjztad.

et. al., 2007)Besides bridging capital, Burke, Marlow and Lento (2010) states that bonding
soci al capital which consi st of wal | post s
loneliness. Furthermore, Valkenburg, Peter and Schouten (2006) mention that positive
feedbak on social network sites help to develop ®sifeem for adolescents.
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Figure 1 The interaction between sadbteem and Facebook use in predictindding social
capital usingself-esteem and Facebook use

Source: Ellison et al (2008)



As a result oftheir study, Ellison et. al (2007) discovers that people who have lower self
esteem gain more than those who have higheresttem in terms of bridging social capital.
(see Figure 8)Therefore, it can be proposed that Facebook provides social andca&chn
support for social interaction and people who have lowerestdfern benefits from this

environment more than those who have high-estéem.

Therefore, Ellison et al. (200§ determins that psychological welbeing measures and
intensity of Facebook use are the predictors of bridging social capital. Moreover, they claim
that greatermpsychological welbeing indicators lead to greater perceived bridging social

capital.

2.4 Trust and privacy concern

Dwyer, Hiltz, and Passerini (2007) determine that internet privacgecontrust in social
network sites, trust in other members of social networking site as independent variables in
information sharing and development of new relationshifigure 1 below shows their
privacy trust model. According to this modaiformation sharing and development of new
relationships depend on internet privacy concern and trust in social networking site and other
members of social networking site. Howevée tesults of study show that although people
seem to express very strong concerns about privacy of their personal information, they behave
less vigilantly to protect it. There seems to be privacy concern in sharing personal
information, the only informabn people avoid to share is their screen name. (See, for

example, Dwyer, Hiltz, and Passerini (2009))



Internet Privacy
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Figure 2 Privacy Trust Modebn the Social Network Sites

(Source: Dwyer, Hiltz &Passerini, 2007)

Furthermore, their study compares FacebookMyspace in terms of trust and privacy issues

and highlights that people trust Facebook more than Myspace so they share more personnel
information in their Facebook profiles than they share in Myspace profiles. Although people
express less trust in Myspasde and to its members, they use Myspace to develop new
relationships. Therefore, Dwyer, Hiltz, and Passerini (2007) conclude that trust is not as

necessary as it is offline worlds in online interaction.

In general, young people believe that it is thegponsibility to protect their online data rather
than companies and governments. (See, for example, Wainer&Romina (2009)) However,
Siegrist and Cvetkovich (2000) suggest that social trust is related to judgments of risks and
benefits of hazards that indials little know. Laypeople cannot develagcurateand
reliable information about risks and benefits related to modern technologies, thus their
decisions and judgments are guided by social trust. On the other hand, ¢geoméneed

social trust in exerts or authorities when they have knowledge in making decisions.



Valenzuela et. al. (2009) highlight that use of Internet has negative effects such as
individual s ali enat iandthidigtie sams caseiinesbcial newok p u b
sites,i t i's declared that “Unsafe disclosure o
behavior, and contat with dangerous communities are pomaacerns raised in the

mai nstream media about the use of SNSs” (Val

Online social etwork sites help to know better others and thus Valenzuela et. al. (2009)
suggests that the more we know about others, this reduce uncertainty and prepare

environment for trust and reciprocity.

3. Hypothesis and empirical framework

Having writtenexisting literature on social capital related with semdmnomic status, socio
psychological factors and trust and privacy concern in social network sites, this study uses
original survey data to test the following hypotheses.

3.1 Hypothesis

Hypothesis 1: Higher SociBconomic Status will be positively related to social capital
Hypothesis 2: Trust and privacy concerns have negative impact on social capital

Hypothesis 3: Socipsychological factors are significantly related to social capital

3.2 Research hypothesis modeled and empirical framework

In this study, | use ordinary least square model in order to estimate the determinants of social

capital. The basic regression model | use for the empirical analysis is as follows:

Vi =0y + b Xy + b, X, + b X5+ g
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Wherey, represents a particular social capital outcome such as social bridging, social
bonding, and social degree outcome of responderX,, is a set of individual observable

characteristis including, educational attainment, marital status, gender, and household size, a
binary control for the employment status, and also an indicator for socio economic status. In
empirical models, rather than using a continuous measure of income, | use danables
controlling for socio economic ranges and different education ranges. In addition tX that,

is a dummy variable whictontrols for socigpsychological state of the respondent and equals

to one if the respondent is in a positive psychological mood. In addition to these variables,
Xizis a set of other variables including the number of fidhat the resmdent spend on
Facebook and a dummy variable equals to one if the respondent is concerned about trust and

privacy issues in social networking sites. Finallys the error term.

3.3 Method

To analyze the determinants of social cdmtaFacebook, survey data which contains socio
economic, sockpsychological and trust and privacy concern scales are examined.

3.3.1 Sample

A web-basedonline survey was conducted to the students whose age is between 18 and 30 in

Middle East Technical University in order to fulfill the goals of this project in 22011

Summer School term.

3.3.2 Procedures

Online survey is hosted by questionpro.com and thek liof the survey is

www.asliertantermproject.questionpro.co?283 people strted to the survey but only 1@8

them completed ifsee Figure3)
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Completion / Dropout

Completed = 108

Drop Out =175

| M Completed = 108 M Drop Out = 175 |

Figure 3: Compldion/ Dropout of the number &tespondents

There can a number of reasons that could explain why 175 people gave up completing survey.
First, although the name section is optional, students mayusbtanline surveys becausé
security issues, the IRunmbers were logged by the hosting website. Second, although the
survey is easy to fill and has 32 questions, students mayametvillingness inparticipating

the surveyn ordernot to allocate time.

3.2.3 Measures

Age

The median and average of the participants’
and 30 were asked to join the survey. Generally, the graduate students participated in the
survey because mostly there are working in Ankara during summer. Thegratimte
students are mostly out of city, most probably th&l/notlog in to their Facebook account

during their summer holiday.

Gender

Female students are more willingly in participating the survey. The percentage of the gender
distribution is shownn the figure4 below.
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Figure4: Gender Distribution of Participants
Marital Status

The survey partici@ n tnwarital status is mostly single with a percentage of 87.38. The

percentage afelationshipstatus of participants is shown in the figure below.

80
80 -
70
60 -
50 1
40 -
30+
20 1
04 usr:_ A

|M Single W Married B |dontwanttoanswer B Other |

Figure5: Distribution of Relationship Status of Respondents

Facebook Use

In the survey, how many times a day they log into Facebook is asked. There are answer
options which are "1 don’t |l og-l0ntFamesbaok ag
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log in Facebook so much that | cannot count
|l ong time in each day”. The percentages of t
Participants mostly choose #0itd nmernss vae rd awh'i.c h

20 4

151

104

3 T

1 |
BASE

B Don'tlogin everyday B Between 1-10times a day B Zomanytimes
M | logged in and keep it open

Figure6 : Distribution of the number of times that respondents log in Facebook a day

Another question about Facebook usage is that how many hours participants spend on
Facebook in each daparticipants almost equally chose the optianisi ch ar e “ | S P ¢
than 30 minutes”,-601 mispetnas "b baivweanelh | IB3®pre’n.d
Percentage of 2.%¢hose spending between 2 and 5 hours. The percentage distribution of how

many hours are spent in each day on Facebook is showm. belo

22.5 1
20.0 -
17.5 1
15.0 1
12.51
10.0 1
751
5.0
e BASE |
B Lezzthan30min. M Almost30min. W Between 30-60 min. B EBetweenl-Zhour M Between2-5hours |

B Morethan 5 hours

Figure7: The number of times that respondents spend on Facebook a day
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Socioeconomic Status

In a similar study, Brooks et al. (2011) measure socioeconomic statues due to the
r e s p o nsdlfeepdrtasdsocial status because otherwise respondents reacts negatively and
leave the questions empty. Figure @emonstratest h e r e s pselfreppaatedt s ’
socioeconomic class status. The majority chrogile-incomesocial class with a percentage

of 45.54.

45 1
40 4

354
30 1
25 1
2004
151
1004
y
. BASE

B Lower income @ Lower than middle income B Middle income @ Upperthan middle income B Upperincome
B | don't want to answer

Figure8: The Distribut i oBconorhic@RseHapu® ndent s’ Soci o

Social Capital
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Figure9: Distribution of responses reported on willingness to use Facebook to meet strangers
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Respondents were asked whether they are willing to mesigstrson Facebook or not.

Responses reported on 3 scal e t hkoliowingr e y
Subrahmanyanet al. (2008) the results of this question c
want to use Facebkdo meet strangers. In Figure ¥60.00 6 the respondents reported that

they are not willing to meet strangers on Facebdmoladdition to this question, respondents

were asked from whmo they accept friend invitations on Facebook. Less then %2.00 of
respondents indicated that they accept thé&adtiens which come from strangers. Mainly,
respondents declare that they add the friends thatdbeyotsee often, their close friends,
their family and r el at i Besises acoeptingfreendrinvithtemns,e b o o k
% 30.60 of resporehts declare that they mainly send friend requests to their close friends.

(Formore statistics, see Appendiy B

Moreover in orderto test the network connections of respondents, it is asked how often they
send andeceivemessages with whom on FaceboBlesponses reported on fipeint Likert

Scale (ever, rarely, sometimes often, aways). Importantly, respondents answered that they
never send messages to the person they never met before with a percentage of 80.85. Also,
they answered that theyften £nd messages to their close friends( % 47.36). more

statistics, see Appendix)C

The foll owing guestion S asked t o responc
i nformati on you @ohrmaareesthtistivd, seb AppemdxReéspondents

geneally share their profile photo and their real name with everyone, respectively with a
percentage of 54 and 67.29. They make visible their hometown and imeiil addresses

mostly to their friends respectively with a percentage of 45.63 and S5m4&ddtion,
respondents specify that they share information on the sections that are the network they
joined, friends, art and entertainment, interest, workplace and education mostly with their

friends.

Most of the respondenti notprefer to share their ralanship status with any one (47.49)

while some tends to share it with their friends (% 28)ough respondents seem to share
most of the profile information with their friends, they are not willing to share their home
addressescellular phone numbeand instant messenger names with anyone. In a similar
study,Dwyer et al. (2007) found that instant messenger name is the most chosen information

that young adults do not want to share it with any one in social network sites. However, in this
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study respondent chose cellular phone number with the highest percentage (73.96) that they

do not want to share with anyone.

Socio Psychological Factors

Respondents were asked to choose the most appropriate option reportedpamfivekert
scale. Tle questions are designed to measure the socio psychological factors in terms of need

to belong, internet se#fficacy and collective seésteem(For statistics, see Appendix) D
Trust and Privacy Concern

This section is designed to measure whether relpuda have trust in Facebook and the
members in Facebook or not. Respondents wer e
accurate and if they have anxiety about the comments and posts done by others about
themselves. In addition, there are questiabsut trustworthiness of Facebook. Overall, the

majority of respondents think that their information is kept safe by Facebook, they trust the
social network site more than they trust the members of social networffsitetatistics, see

Appendix B

3.4 NodeXL algorithm for sample testing

Hansen efal. (2011) states that social media provides a platform in which invisible ties
between individuals became visible and machine readable.science of social network
analysis is able to capture graphical maps of social relationships ihrsetevarks.The focus

of social network analys is between, not within peopl€herefore technology can explain
human interaction in such networksterms of clusterig, mapping and calculating measures

of network’s size, shape and density.

Each individual iscalledvertex in social networlanalysis at Facebook. Hanserak{2011)

identifies degree centrality as count of the total number of caonsclinked to a vertex.

When the connections between vertexes are dense, the clustering coefficient will be high. In
other words Hansen et | (2011: 41) <claims that®*® i f your

you have a high clustering coefficientinwo Facebook networ k?”
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The reason of th€lustering DetectiorAlgorithm is as follows: If it is needed to find the
clustering coefficient of X"s Facebook soci
created.Secondly,all friends of X are placed vectlly, then except the first friend of X in

vertical dimension,the other friends of X are placed horizontaloreover, a row table is

created( r[i] array ) in order to place the elements in the horizontal dimension of triangular
matrix. Similarly, a olumn table(c[i] array) is created in order to place the elements in
vertical dimension of triangular matri¥inally, by starting from first element of each array

table, the elements are compared if they have a connection with each other then adeslis pl
between them. This process is continued until the last elements are coniparedhematic

representation of algorithm is displayed as below.

m [e]c]c e A[A[A[s s 0]

Visualized as network

Column Table
@ |[a[B[DpJ|e|B|D|E[DJE[E]

)

Query Results

True | False |True |False |False|True |[True |True |[True |False

Figurel0: Clustering and Community Detection Algorithm
Source: Hansen at. (2011)

The symantiaepresentation oflustering and community detection algorithm is displayed as

thefollowing.
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for (i=0, i++, i > (lenght. FriendsOfX ))
{

if (r[i] connected with cli])
return True

else
return False

In this study, NodeXL tool is used for two reasoRsst, one is to test whether the survey
sample is chosen randomly in order to get sufficient data froromdspts. The second one is
to test whether the answers of one of the survey participant match with his/her responses in

the survey.

It is important to chooséhe survey sample randomlyeéple who have close connections
with each other are assumed to hasenmon interests and thoughts. Therefore, if the survey
is conductedamongpeople who have similar social class background, the results of the
survey may be deceivinghus, it is asked to participants whether they want to be volunteer
in the next phasefo t he study. 36 of them accepted
account. The sample Facebook network graph of participants is displayed below.
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Figure 11: Sample Netwok Gr aph of Surveyodéds Respondent s

There are ¥ er t exes which don’t have any <connectd.i
clustering coefficient of this network graph is 0.388e maximum clustering cdéfient is 1

with 0.396 standardeviation and 0.157 variation. Thus, it can be estimated thatwghovey

sample is chosen efficientlifurthermore, the average degree of the sample network graph of
participants is 3 and the maximum degree coefficient is 12 with 4.0 stiaelaation and 14
variation.As it is explained earlier, degree stands for the number of connections of the vertex,

the average degree coefficient of this graph is considered to be low with regard to other
degree coefficients. Finally, thesamslgzedpn e net
terms of clustering and degree coefficients and it is proved that participant sample is efficient

for data gathering.
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Figure 12: The Facebook Social Network Grah of One the Survey Respondent

This random volunteer has 446 friends ondbamok. 10 of the friends have no ties with other
friends in other words their degree coefficient in the figure above is Au@dage clustering
coefficient of this graph is 0.608vith a variation of 0.049 and standard deviation of 0.222)
and there 12 vézxes (friends) which have a 0.00 clustering coefficidihie average and
maximum degreecoefficient of the graph abovare respectively 25 and 8@tandard

deviation=21 and variatior 439) Thi s respondent’ s momaogenousk i s
network becauséhere only 10 friends who have no ties with other. The rest of friends are
generally friends witByanatygsngbhdemtespoondaet s'f
results, it is proven that the answers are reported on direct communie@tioanly close

friends.

21



4. Regression results and conclusion

4.1 Regression Results

In Table 1,1 present the estimation results of my regression aiglyrhe first column in
Tablelshows the parameter estimates for social bridging. The results shows that trust and
privacy concerns, being a femaledahe number of hours spent iadebook are significant
determinants of social bridging. The results reveal that being a female ivealggassociate

with the probabilityof bridging social capital In addition to thisthe number of hours spent

on Facebooksignificantly increaseand trust and privacgoncerns significantly decreatee
probability of engaging ibridging social capil. For example, an houmcrease in the hours
spent in Rcebook increases the probability of engagbrglging social capitalby 13

percentage points.

The second column in Tableptegnts the determinants bébndingsocial capital The results
show that none of the variablessignificant determinants dfondingsocial capitalat the

conventional significance levels.

The third column shows the estimates for social degree measured by the number of friends
that the respondent habhe results suggest that the number afils spent on &ebook and
belonging tohightincomeclass significantly increagbe network siz€édegre¢. On the other

hand, being a female is redgyely related to the network size
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Table 1: Regression Rsults on Social Capital

Cutcome

Bridging Social Capital Bonding Social Capital Degree

Trust & Priv concerned 0248 0.019 13872
(0. 099 (0.072) [38123)
azge 0.023 0.015 -9.8748
0.019 (0.014) (7.329)
married 0233 0135 7435
(0.157) (0.114) (60.592)
fem ale {282 -0.044 -89.676
(00 p= (0.074) (39660
Socioeconomic Status? D17 -00s8 BT A4TF
(0.364) (0.264) (140.204)
Socipeconomic Status3 0121 -0102 41.401
(0.340) (0.247) (131.029)
Socioeconomic Statusd 0163 002 03.02R
(0.340) [0.247) (131.029)
Sociceconomic Statusd 0530 0.059 331.872
(0.415) [0.301) (159827
Socioeconomic Statush {.625 0.036 258,380
(0.561) (0.407) (216.330)
Sociopsycolozy 0.02a -0.034 47.050
(0.093) (0.068) (36.055)
Household =ize 0.037 0.o08 -215852
(0.044) (0.032) (16.960)
facebook hours 0133 00za 45.969
(0.032p* (0.023) (12 618
educl -0.111 0175 -h4.658
0.223) (0.162) (B5.914)
educ? {.087 0.070 11.240
0.107) (0.078) 41.511)
Constant 0.240 0.076 532 310
(06357 (0,008 (2461287
No. of obs a7 a7 i
R 0.317 0.082 0.357

Standard errors reported in the parenthesis. Theé*siting® indicate the statistical significance at the 1, 5, and 10
percent significance levepectively.
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4.2 Conclusion

This study confirmsthat trust and privacy concerns and socioeconomic status are
determinants of social capitalhe results show thatust and privacy concerngegatively
affect bridging soci al capitatespr dtheed sasud'y
privacycmcer ns have negati ve i mphaeipondents viath highgi ng
socioeconomic status have larger network sizefirsd hypothesis can be interpreted as
“higher socioeconomic status wiThere hdwébeeposi t i
found no significant determinant for bonding social capital. Thus, the nobdigterminants

of social capital on Facebook is displayed as below.

Trust and Privacy
Concerns

Bridging

Gender

—> Metwork Size

Facebook Use

Socioeconomic
status

Figure 13: The Determinants of Bridging Social Capital and Network Size

Like other similarstudies, Facebook use is a significant determinant on social capital. In this
study, the socikpsychologicalfactors cannot be associated with social capital. However,
Facebook use depends on psychological factors as it is indicated in other studiesopi@e p
with lower self-esteemhave moretendencieso spend more hours on Facebook to increase
their selfesteemand maximize their bridging social capital becapssitive feedbacks on

their profiles help iem to develop more sedisteem(Steinfielset al. (2008); Valkenburg,
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Peter and Schouten (2010furthermore, being female is negatively associated witlging

social capital. Unlike similar studies, in the case of Turkey gender plays a cruciah role
social capital on Facebook.hiE result isnot surprising if we think that the rate of
subordination of women in Turkey is highiéran inother countriedecause the women in
Turkey excluded in social life because of patriarchy so making social ties are harder than
males.For future work, the retonship between gender and social capital on other social

network sites will bexaminedn order to testobustness of our findings

The findings reported in this study will hopefully contribute to the larger understanding of

social capital in Faceboand other social network sites.
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Relationship Status
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APPENDIX B

Whose friendinvitations do you accept on Facebook?
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APPENDIX C

How often do you send or get messages on Facebook?
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Thefriendsld on 6t see often
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APPENDIX D

Result of SocicPsychol ogi cal Factorsd Distribut

35 -

30 -

25 -

20 -

dondt prefer to be alone

=T

BASE

|I 1.5trongly Dizagree Wl 2. Disagree M 3. Meitheragree nordisagree M 4. Agres W 5. Strongly agree

| like to be in touch with my friends all the time

0 -
55 -
50 -
45
40 -
35 -
30 -
25 -
20 -
15 -
10 -

BASE

W 1. Strongly Dizagree @ 2. Disagree M 3. Neither agree nordisagree 4. Agree B 5. Strongly agree

40

ons



| like to find complex solutions to simple problems
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Thinking through different perspectives is not my style of having fun

50 -
45 -
40 -
35 -
30 -
25 -
20 -
15 -
10 -

BASE

|I 1.5trongly Disagree W 2. Disagree B 3. Meither agree nordisagree Bl 4. Agree W 5. Strongly agree

| like to discover new Internet applications

40 -

35 -

30 -

25 -

20 -

15+

10 -

45 -

BASE

M 1 .5trongly Disagree Wl 2. Disagree W 3. Neither agree nordizagree 4. Agree W 5. Strongly agree

42



| like to belong to a group
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APPENDIX E
Results of Trust and DBtrbuterscy Concern Factors
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Most of the profiles on Facebook do not reflect the real identities of members
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